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SECTION 01

Executive Summary

Agentic Al represents one of the most significant shifts in enterprise technology since the cloud. Rather than
responding to a single prompt, an Al agent autonomously plans multi-step workflows, selects and executes tools,
manages memory across interactions, and refines its approach based on real-time feedback — all without
continuous human direction.

For banking and financial services, this capability is transformational. Institutions that deploy agentic systems
report dramatic reductions in processing time, near-elimination of manual errors, and the ability to deliver hyper-
personalized services at scale.

10x 99.9% <2S

Processing Speed Gain Task Accuracy Reduction in Manual Work Decision Latency

Key Insight: Agentic Al is not simply a smarter chatbot. It is an autonomous system that sets goals, selects
strategies, uses external tools, and iterates on its own outputs — capabilities that enable it to handle work
that was previously impossible to automate.
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SECTION 02

What Is Agentic Al?

Traditional Al systems are reactive: given an input, they produce an output. Agentic Al systems are proactive:
given a goal, they independently determine what steps to take, what information to gather, what tools to use, and
how to verify their own results.

Core Distinctions

Dimension Traditional Al Agentic Al

Interaction model Single prompt !’ single response Goal " multi-step autonomous execution
Planning None Decomposes goals into sub-tasks

Tool use Limited or none APIs, databases, code execution, search
Memory Stateless per call Short-term + long-term persistent memory
Self-correction None Evaluates output, retries on failure

Human involvement Required for every step Configurable; human-in-the-loop at gates
Task complexity Single, well-defined tasks Complex, multi-step, open-ended workflows

The term "agentic" comes from the concept of agency — the capacity to act independently in pursuit of a goal.
Modern agentic systems are built on large language models (LLMs) that serve as the reasoning engine,
enhanced with tools, persistent memory, and coordination with other specialized agents.
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SECTION 03

The Agent Architecture: Four Core Components

Every production-grade Al agent is built on four foundational components that work in concert to enable
autonomous, goal-directed behavior.

01 LLM
Reasoning Core

02 Tool Layer

03 Memory
System

The large language model (e.g., Claude, GPT-4, Gemini) serves as the agent's brain. It
interprets instructions, formulates plans, generates text, writes code, and decides which
tools to invoke. Modern LLMs excel at following complex instructions, maintaining context,
and reasoning through ambiguous problems.

Agents are equipped with curated tools they can call on demand: web search, database
queries, API calls, code execution, file readers, and more. The LLM decides which tool to
use, constructs the input, receives the output, and incorporates it into its reasoning —
transforming the agent from a text generator into an actor that can interact with the real
world.

Agents maintain multiple memory types: in-context (current conversation), episodic (past
interactions in vector databases), semantic (factual knowledge), and procedural (learned
workflows). This layered architecture allows agents to recall prior decisions, learn from
mistakes, and build institutional knowledge over time.

Sophisticated agents decompose high-level goals into executable sub-tasks. Techniques
include ReAct (Reasoning + Acting), Chain-of-Thought prompting, Tree-of-Thoughts
exploration, and hierarchical planning. The planner determines task order, routes sub-
tasks to specialist agents, and aggregates results.
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SECTION 04

How Agents Perceive, Reason, and Act

The operational cycle of an Al agent runs through three continuous phases. Unlike traditional software that
follows deterministic paths, agents dynamically adapt their behavior at each step based on new information.

Phase 1 — Perceive

Agents receive input from diverse sources: user instructions, structured data (JSON, XML, CSV), unstructured
documents (PDFs, emails, reports), database results, API responses, and sensor feeds. Advanced agents also
process images, audio transcriptions, and screen content. The perception layer normalizes these inputs into a
unified representation the LLM can reason over.

Phase 2 — Reason

The reasoning phase is where the LLM's power is most evident. Given a goal and perceived context, the agent
reasons through multiple strategies before committing to an action. Key techniques include:

# Chain-of-Thought (CoT): The agent verbalizes its reasoning step-by-step before answering, dramatically
improving accuracy on complex tasks.

# ReAct (Reasoning + Acting): The agent interleaves reasoning steps with tool calls, updating its plan based on
real-time results.

# Tree-of-Thoughts (ToT): The agent explores multiple reasoning branches in parallel, evaluating each before
selecting the best path.

# Reflection: The agent evaluates its own outputs against defined criteria and iterates until quality thresholds
are met.

Phase 3 — Act

Based on its reasoning, the agent selects and executes an action: calling a tool, writing to a database, sending an
API request, generating a document, triggering a downstream agent, or presenting a result to a human reviewer.
The output feeds back into the perception layer, creating a continuous observe-reason-act loop that continues
until the goal is achieved.

The observe-reason-act loop is what separates agentic Al from conventional automation. Traditional RPA
follows fixed scripts. Agents dynamically adapt — if an API returns an unexpected result, the agent reasons
about why and adjusts its approach accordingly.
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SECTION 05

Memory and Context Management

Memory is one of the most technically nuanced aspects of agentic Al. Without effective memory, an agent is
limited to whatever fits in its context window. Production agents use a layered memory architecture to overcome
this constraint.

Memory Type Description Banking Application
Working Memory The agent's active context window. Current transaction, customer
(In-Context) Managed by selecting the most relevant session, live query results

information to include at any time.

Episodic Memory Past interactions stored as vector Customer history, past loan
(Vector Store) embeddings, retrieved via semantic applications, prior support tickets
similarity. Allows agents to "remember"
previous sessions.

Semantic Memory Factual knowledge: products, regulations, Regulatory rules, product terms,
(Knowledge Base) procedures. Retrieved on demand from compliance guidelines
structured or vector databases.

Procedural Memory  Learned workflows encoded in model Underwriting criteria, fraud patterns,
(Fine-tuning) weights or system prompts. Captures escalation protocols
institutional know-how.
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SECTION 06

Tool Use and API Integration

The ability to call external tools is what gives agents their transformative power. A bare LLM can only generate
text. An agent with tools can search the internet, run code, query databases, send emails, update records, and
interact with virtually any digital system.

How Tool Calling Works

Modern LLMs are trained to recognize when a tool should be called and to output a structured function call
specification (hame + arguments). A surrounding framework intercepts this specification, executes the function,
and returns the result to the model as additional context. This cycle repeats until the task is complete.

Common Tool Categories in Banking Agents

Data Retrieval Core banking system queries, CRM lookups, market data feeds, credit bureau APIs, sanction
screening lists

Document Tools PDF extraction, OCR, document classification, template generation, e-signature integration
Calculation Risk model execution, pricing engines, cash flow simulation, stress testing frameworks
Communication Email drafting and sending, SMS alerts, push notifications, meeting scheduling

Workflow Ticket creation, case management updates, regulatory filing submission, audit log writing

Code Execution Python/R analytics scripts, data transformation, statistical modeling, report generation
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SECTION 07

Multi-Agent Systems and Orchestration

While a single agent can handle many tasks, the greatest capability emerges from networks of specialized agents
working in concert. Multi-agent architectures enable parallelism, specialization, and error-checking that a single
agent cannot achieve alone.

Orchestrator-Worker Pattern

The most common multi-agent architecture pairs an Orchestrator agent with specialist Worker agents. The
Orchestrator receives a high-level goal, decomposes it into sub-tasks, delegates each to the most appropriate
specialist, monitors progress, and synthesizes the results into a final output.

Agent Role Responsibility Banking Example

Orchestrator Goal decomposition, task delegation, Loan application coordinator
qvnthesig

Research Agent Information gathering and summarization Borrower financial analysis

Compliance Agent Regulatory rule checking and KYC/AML screening
dociimentatinn

Risk Agent Quantitative risk assessment Credit scoring and stress testing

Customer Agent Customer-facing communication Application status updates

Reporting Agent Output formatting and delivery Decision letter generation

Communication Patterns
# Sequential: Agent A completes its task, passes results to Agent B. Simple and predictable.
# Parallel: Multiple agents work simultaneously on independent sub-tasks; an aggregator collects results.
# Hierarchical: A tree of orchestrators and workers, enabling enterprise-scale task decomposition.
# Peer-to-Peer: Agents communicate directly via a shared message bus or blackboard architecture.
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SECTION 08

Planning, Reflection, and Self-Correction

What separates highly capable agents from basic LLM wrappers is the ability to plan ahead, evaluate
intermediate results, and course-correct when things go wrong.

Planning Techniques

# Task decomposition: Breaking a complex goal into a directed acyclic graph (DAG) of dependent sub-tasks,
each assigned to the best-suited tool or agent.

# Lookahead planning: Simulating multiple execution paths before committing to one, selecting the path most
likely to succeed.

# Adaptive re-planning: Dynamically updating the plan when unexpected tool results, errors, or new information
emerge mid-execution.
Reflection and Critique

Advanced agents employ a "critic" module — either a separate LLM call or a dedicated agent — that evaluates
the primary agent's output against defined quality criteria before delivery. This inner evaluation loop catches
errors, inconsistencies, and policy violations.

# Reflexion: Storing verbal feedback from failed attempts in memory and using it to improve future tries.

# Self-RAG: Agents that retrieve external information to fact-check their own outputs before finalizing.

# Constitutional Al: Applying a set of principles to evaluate and rewrite outputs that violate safety or quality rules.
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SECTION 09

Guardrails, Safety, and Compliance

In regulated industries like banking, agentic Al must operate within clearly defined boundaries. Bionic Banking Al
embeds multiple layers of guardrails to ensure every agent action is safe, auditable, and compliant with applicable
regulations.

Input Guardrails Validate and sanitize all inputs before the agent processes them. Reject requests that
violate defined policies. Prevent prompt injection attacks.

Output Guardrails Screen agent outputs for PIl, harmful content, hallucinations, and regulatory violations
before delivery. Flag for human review when confidence is low.

Action Boundaries Define exactly which tools and systems each agent can access. Use principle of least
privilege — agents can only do what they need to for their assigned role.

Human-in-the- Configure mandatory human review gates at high-stakes decision points: loan approvals
Loop above thresholds, SAR filings, account closures, large transactions.
Audit Logging Every agent action — tool calls, reasoning steps, decisions — is logged with timestamp,

user context, and outcome. Full audit trails for regulatory examination.

Explainability Agents generate human-readable explanations for their decisions, enabling compliance
officers and model risk teams to review and validate agent reasoning.
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SECTION 10

Agentic Al in Banking: Key Use Cases

The following use cases represent the highest-impact applications of agentic Al across retail banking, commercial
banking, and capital markets. Each involves multi-step processes that previously required significant human
coordination.

KYC and AML
Compliance

Credit
Underwriting

Fraud Detection
and Response

Regulatory
Reporting

Customer
Service and
Personalization

# Autonomous document extraction from identity documents, utility bills, and financial
statements.

# Real-time sanctions screening across OFAC, EU, and UN lists with continuous monitoring.
# Suspicious activity pattern detection with automated SAR draft generation.

# Result: Compliance cycle time reduced from days to under 4 hours.

Application intake, document verification, and data extraction without human touch.
Automated bureau pulls, bank statement analysis, and alternative data scoring.

Risk model execution with decision explanation generation for adverse action notices.
Result: Decisioning time cut from 5 days to under 2 hours for standard applications.

H o H R

Real-time transaction scoring across millions of events per second.

Autonomous account freezing and customer notification for high-confidence fraud.
Case creation, evidence packaging, and analyst briefing generation.

Result: 60% reduction in false positives; 40% faster fraud containment.

H o H R

Automated data aggregation from core systems, trading platforms, and risk engines.
Draft generation for Basel Ill, DFAST, CCAR, and FINREP submissions.

Version control, audit trail maintenance, and submission tracking.

Result: Reporting preparation time reduced by 70%; manual errors eliminated.

HH HH

24/7 tier-1 query resolution: balances, transactions, disputes, product questions.
Real-time customer 360 assembly for relationship managers before client calls.
Next-best-action recommendations based on life event detection and portfolio analysis.
Result: Customer satisfaction scores up 22%; RM capacity increased 35%.

HOH HH
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SECTION 11

Implementation Considerations

Deploying agentic Al in a production banking environment requires careful planning across technical,
organizational, and regulatory dimensions.

Model Selection

Choose foundation models based on task requirements: reasoning ability, context length, cost, latency, and data
residency. Consider fine-tuning on domain-specific data for specialized tasks like loan underwriting or regulatory
interpretation.

Integration Architecture
Design clean API interfaces between agents and core banking systems. Use event-driven architectures for real-
time applications. Implement circuit breakers and fallback paths for tool failures.

Data Governance
Establish clear policies for what data agents can access, store, and transmit. Implement data masking for Pll in
agent logs. Ensure GDPR, CCPA, and sector-specific data residency requirements are met.

Testing Strategy
Develop comprehensive evaluation suites: unit tests for individual tools, integration tests for agent pipelines,
adversarial tests for edge cases, and ongoing production monitoring with automated alerting.

Change Management
Redesign workflows around human-agent collaboration. Train staff on how to review agent outputs, manage
exceptions, and provide feedback for continuous improvement.

Model Risk Management
Treat agentic Al under existing MRM frameworks. Document model purpose, limitations, and validation approach.
Establish revalidation cadences with the MRM team.
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SECTION 12

The Future of Agentic Al in Financial Services

We are at the very beginning of the agentic Al era. The capabilities available today represent only a fraction of
what will be possible within the next three to five years.

Autonomous Decision-Making at Scale

As trust and regulatory frameworks mature, agents will be authorized to make increasingly consequential
decisions autonomously — from credit decisions to portfolio rebalancing — with human oversight reserved for
exceptions.

Agent-Native Infrastructure

Core banking platforms, market data vendors, and regulatory bodies will build agent-first APIs — purpose-built for
machine-to-machine interaction at millisecond latency.

Personalization at Individual Scale

Every customer will interact with agents that know their complete financial life — goals, risk tolerance, and life
events — and proactively optimize their financial wellbeing.

Regulatory Co-pilots

Agents embedded within regulatory bodies will conduct real-time surveillance of bank submissions, flagging
anomalies and requesting clarification autonomously.

Cross-Institution Agent Networks

Shared agent infrastructure will enable new forms of collaboration: real-time fraud intelligence sharing, syndicated
loan coordination, and industry-wide compliance benchmarking.

The institutions that invest in agentic Al infrastructure today — building the data pipelines, governance
frameworks, and organizational capabilities — will have a compounding advantage as the technology
matures. The question is not whether agentic Al will transform banking, but which banks will lead the
transformation.
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